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Abstract
Goal-based categories have recently emerged as an alternative perspective to the dominant account of 
prototypical market categories. However, key questions remain regarding the mechanisms that would enable 
stable market exchanges to form around ad hoc and idiosyncratic goal-based categories. Thus, we sought 
to answer the following question: How can goal-based categorization enable stable market transactions? 
Through an inductive study drawing on industry discourse, participant observation, and interview data from 
the online advertising industry, we describe the category infrastructure that enables buyers and sellers 
to engage in market exchanges using goal-based categorization. Three mechanisms are integral to goal-
based categorization in market exchanges: dimensioning (establishing a possibility space in which valuation 
can take place through the identification, addition, and/or deletion of product features), scoping (selecting 
particular features in the possibility space), and bracketing (excluding certain actors from participating in 
market transactions). Moreover, the fundamental principle of valuation in goal-based categorization is goal-
based attribution, which involves iteratively adding and deleting features to accommodate evolving goals. 
Our findings suggest novel directions for work on goal-based categorization as an important element of 
valuation in modern markets.
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Introduction

Modern product markets are dynamic knowledge structures that are developed and negotiated by 
market actors to make sense of producer and consumer behavior (Kennedy, 2005; Rosa, Porac, 
Runser-Spanjol, & Saxon, 1999). Within these product markets, systems of categories facilitate and 
stabilize transactions between different producers and consumers by establishing shared definitions 
of the entities exchanged (Beckert & Aspers, 2011; Lounsbury & Rao, 2004; Porac & Thomas, 
1994; Rosa et al., 1999). Using such categories enables market actors to value products more effi-
ciently and agree upon the terms of exchange (Alexy & George, 2013; Khaire & Wadhwani, 2010; 
Koçak, Hannan, & Hsu, 2014; Vergne & Wry, 2013; Zuckerman, 1999). Further, as organizations 
leverage information technology to construct marketplaces with differentiated categories and fea-
tures, understanding the relationship between organizational strategy and categorization becomes 
ever more important (Beckert & Aspers, 2011; Beunza, Hardie, & MacKenzie, 2006; Delmestri & 
Greenwood, 2016; Karthikeyan, Jonsson, & Wezel, 2015; Kennedy & Fiss, 2013).

In prior organizational research on categorization in markets, scholars have drawn primarily on 
the concept of prototypes when explaining how buyers, sellers, and intermediaries use categories 
(e.g., Durand, Granqvist, & Tyllström, 2017; Mervis & Rosch, 1981). Relatively stable prototypi-
cal categories tend to emerge through a process that involves the creation of a category label and 
subsequent establishment of agreement about the meaning of that label (e.g., Hannan, Pólos, & 
Carroll, 2007), resulting in shared and viable market categories (Lo, Fiss, Rhee, & Kennedy, 2019). 
These prototypical categories are marked by a graded structure such that instantiations are more or 
less associated with the category based on their membership scores, and audiences engage in a 
process of comparison to evaluate the degree to which a producer or product is a member of a 
market category (Hannan, 2010; Hannan et al., 2007). Prototypical categories are thus based on a 
taxonomy of the environment that bundles together entities that appear to “belong” together due to 
“common or similar physical or material attributes” (Durand & Khaire, 2017, p. 89). For instance, 
market actors extensionally apply the category “minivan” to particular members (e.g., a Honda 
Odyssey, Dodge Caravan, etc.) and intensionally agree on the defining characteristics of a proto-
type (e.g., can seat at least seven, handles like a car, etc.) (Rosa et al., 1999). Building on this view, 
categories research typically “deals with stable situations in which categories have a taken-for-
granted character” (Hannan, 2010, p. 162).

However, Durand and Paolella (2013), along with other scholars, have more recently advanced 
an alternative account that views categories as goal-based rather than prototypical (Barsalou, 
1983; Durand et al., 2017; Paolella & Durand, 2016). With goal-based categories, membership is 
defined in relation to a goal, such as “cars that I want to drive,” and might include a diverse set of 
members such as sports cars, sport utility vehicles, or luxury sedans. Goal-based categories thus 
violate what Barsalou (1985, p. 632) called the “correlational structure of the environment” in that 
they frequently group together heterogeneous entities that would not belong together from a pro-
totypical perspective. Additionally, actors often create goal-based categories on an ad hoc, idio-
syncratic basis to achieve particular objectives (Barsalou, 1983; Durand & Paolella, 2013, 
p. 1101), rendering them particularly dynamic. Taking this perspective, researchers have begun to 
empirically explore the role of such goal-based categories in markets. For instance, Paolella and 
Durand (2016) showed how actors rely on goal-based categories to deal with challenges associ-
ated with complex, non-recurring problems. Similarly, Pontikes and Kim (2017) demonstrated 
that producers may strategically use goal-based categories (see also Karthikeyan et al., 2015; 
Montauti & Wezel, 2016).

Although a goal-based view of categorization thus appears important and highly relevant to our 
understanding of market situations, goal-based categorization currently remains a “blind spot” in 
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categories research (Durand & Khaire, 2017, p. 89). A key aspect of why goal-based categorization 
has so far failed to fulfill its promise stems from the challenges associated with viewing goal-based 
categorization as the basis of market exchanges. In this regard, Durand and Paolella (2013, p. 1106) 
noted possible limits to the theoretical potential of a goal-based category perspective. First, goal-
based categories are idiosyncratic and differ for individual actors, rendering the construction of 
socially shared meanings problematic. Second, goal-based categories are inherently unstable 
because many are ad hoc in nature and actors’ goals may dynamically adjust depending on tempo-
ral and contextual circumstances.

To illustrate these challenges of organizing markets around goal-based categories, consider the 
categories used in the Italian wine industry (Negro, Hannan, & Rao, 2010, 2011; Negro & Leung, 
2013). This market is organized around prototypical categories, with the categorical identity of 
wine determined by the grape varietal and the geographic location of the vineyard. Pricing is 
influenced by the quality of wine as reported by influential critics (Negro & Leung, 2013). While 
market actors often use goal-based categories even in this industry, there are significant chal-
lenges to goal-based categorization as the basis of market structures. Goals vary based on indi-
vidual preferences (e.g., how much and to what extent particular individuals like certain types of 
wine) and the ad-hoc construction of goals (“wines to serve with dinner,” “wines to give as a gift,” 
“wines to bring to a picnic,” etc.). Accordingly, with idiosyncratic, ad hoc, goal-based categoriza-
tion, it remains unclear how actors can agree on the value of a given exchange product or service. 
This reveals a fundamental question for categories researchers: How can goal-based categoriza-
tion enable stable market transactions?

We examine this question in an empirical context that serves as an extreme case (Pettigrew, 
1990) for developing theory about goal-based categories: online display advertising. Display 
advertising is an appropriate context because the market, which initially relied on prototypical 
categories associated with producer identity, has increasingly shifted toward goal-based catego-
ries associated with product dimensions. Buyers (i.e., advertisers) use transactional information 
about advertising impressions (such as demographics, contextual placement, behavioral history, 
or geographic location) to optimize the effectiveness of their marketing campaigns, and sellers 
(i.e., media publishers) use such information to optimize advertising revenue yield from their 
websites. Furthermore, the use of categories is particularly salient in this context, as market actors 
employ continuously updated goal-based categories to pursue their respective goals, thus provid-
ing ample data to study goal-based categorization. Leveraging industry discourse (i.e., blogs and 
magazine articles) and in-depth semi-structured interviews with stakeholders in the online adver-
tising industry, we reveal how buyers and sellers use goal-based categorization to structure mar-
ket transactions.

Our findings suggest that the challenge of achieving stable market transactions in the face of 
idiosyncratic, goal-based categorization is overcome by the creation of a classificatory infrastruc-
ture that enables market actors to dynamically categorize products and assign value. Specifically, 
we argue that market structures—relatively stable patterns of market interactions between buyers 
and sellers that rely on rules and social structures to guide and organize exchange (e.g., Fligstein, 
2001; Rosa et al., 1999)—associated with goal-based categories (i.e., categories derived from indi-
vidually idiosyncratic, ad hoc meanings) rely on three core mechanisms: dimensioning (i.e., estab-
lishing a possibility space in which valuation can occur through the identification, addition, and/or 
deletion of product features), scoping (i.e., selecting particular features in the possibility space), 
and bracketing (i.e., excluding certain actors from participating in market transactions). 
Additionally, whereas prototype-based categories feature a valuation principle derived from the 
categorical imperative, goal-based categories feature a distinct principle of valuation: goal-based 
attribution, which involves the iterative addition and deletion of categorical features based on 



4 Organization Studies 00(0)

value in order to achieve a particular goal. Our study thus contributes to our understanding of cat-
egories by explaining how goal-based categories enable market transactions.

Theoretical Background

A rapidly growing literature is dedicated to examining how categories help audiences evaluate 
organizations and market offerings (e.g., Durand & Paolella, 2013; Hsu, 2006; Kennedy, 2008; 
Kennedy, Lo, & Lounsbury, 2010; Navis & Glynn, 2011; Rosa et al., 1999; Zuckerman, 1999). 
Categories influence valuation and support market activities by establishing the identity and com-
parability of objects of exchange, allowing buyers and sellers to determine their value (Espeland & 
Stevens, 1998; Lounsbury & Rao, 2004). For instance, categories such as West Texas Intermediate 
or Brent Crude indicate grades used to benchmark pricing for crude oil.

For stable market exchange systems to emerge, categories typically must provide buyers and 
sellers with an understanding of the properties of the products being exchanged, yet create broad 
enough product definitions to ensure liquidity in the market (Hannan, 2010). Thus, market actors 
use categories as a mechanism to understand exactly what they will receive from a particular 
exchange agreement, enabling them to value the exchanged item and control uncertainty associ-
ated with the transaction (Beniger, 1989). In fact, as Schneiberg and Berk (2010) argued, “even the 
least formalized classifications do substantial work in ordering and stabilizing markets and fields” 
(p. 256), and the failure of category systems to commensurate different products may lead to a lack 
of liquidity and volume in markets (Huault & Rainelli-Weiss, 2011).

In the organizational literature on categories, scholars have embraced a prototypical view that 
takes inspiration from psychological conceptualizations of categories as typified concepts com-
prising specific instances that can be described in terms of particular properties or attributes 
(Mervis & Rosch, 1981; for a summary, see Murphy, 2004). For example, a concept such as “bird” 
can be represented by examples (such as a robin or an eagle) and can be described using a schemata 
of properties or attributes (e.g., can fly, has wings, has a beak, etc.). Studies have shown that some 
instances are more or less associated with a category than others (e.g., a robin is more like a bird 
than a penguin; an elephant is less like a bird than a bat) (Mervis & Rosch, 1981). Additionally, 
individuals evaluate whether a particular instance is an instantiation of a concept by comparing the 
features of the instance to the typified features of the concept (e.g., a person might evaluate whether 
an unknown animal is a bird by asking whether the animal can fly, has wings, etc.). Psychologically, 
categories are thus abstractions that connect typified concepts with particular instances of those 
concepts and the properties associated with those instances.

Organizational scholars have leveraged this understanding of categories to theorize market 
interactions between producers and audiences (Hannan, 2010; Zuckerman, 1999). For instance, 
Hannan et al. (2007, p. 32) suggested that market categories emerge through a process of codifica-
tion whereby audiences label and categorize similar producers or products. A key insight in the 
organizational categories literature is that categorical impurity or category spanning—the incorpo-
ration of attributes from more than one category—tends to be associated with less positive audi-
ence evaluations (Zuckerman, 1999). This ecological principle of allocation (Hsu, 2006) indicates 
that firms face a tradeoff between niche breadth and strength of appeal, as attempts to broaden a 
niche and reach multiple audiences decreases an offering’s appeal to any individual audience 
(Carroll, 1985; Hannan et al., 2007). The benefits of categorical purity for valuation have been 
explained through mechanisms such as the cognitive challenges market critics face in evaluating 
products or producers due to unclear market identities (Negro et al., 2010). Scholars have further 
extended this perspective by identifying factors moderating the influence of this categorical 
imperative, such as category valence (Kennedy et al., 2010), salience (Vergne, 2012), high contrast 
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between categories (Negro et al., 2010), audience type (Pontikes, 2012), and the stability of the 
existing category system (Ruef & Patterson, 2009). In summary, findings suggest that audiences 
evaluate producers and products using cognitive mechanisms associated with the processes by 
which they evaluate categorical identities (Hannan et al., 2007; Vergne & Wry, 2013).

Towards an understanding of goal-based categories

As outlined above, prior research has been characterized by a shared conceptualization of catego-
ries as prototypes or exemplars (Durand & Paolella, 2013), which assumes that actors use catego-
ries as a classification system or taxonomy that is based on the observable characteristics of the 
producers or products by which they evaluate the legitimacy of a set of objects (Durand & Paolella, 
2013; Murphy, 2004; Rosch, 1978).

Drawing on an alternative view of categories in the psychology literature (e.g., Barsalou, 1983, 
1991), some scholars have recently challenged this perspective by suggesting that actors also cre-
ate categories to pursue particular goals in organizational activities (Durand et al., 2017; Durand & 
Paolella, 2013). Barsalou (1983, p. 214) illustrated this concept by describing how a goal of “going 
on a trip” may compel an individual to create a category for “things to pack in a suitcase.” In this 
view, actors combine concepts based on their general knowledge of categories and categorical 
attributes to achieve idealized objectives or goals (Barsalou, 1991). Importantly, instances of 
“goal-based categories are often quite dissimilar to each other” (Barsalou, 1985, p. 632). To illus-
trate, the goal-based category “things to pack in a suitcase” might include dissimilar items such as 
clothes, toiletries, and gifts, rendering a goal-based approach quite different from a prototypical 
approach that tends to group entities based on family resemblance (e.g., Rosch & Mervis, 1975). 
Thus, from the goal-based perspective, categories are concepts that actors dynamically combine in 
ad hoc and individually idiosyncratic ways to pursue goals, rather than stable concepts reflecting 
socially shared meanings (Durand & Boulongne, 2017).

This goal-based perspective has advanced categories research by enabling scholars to develop 
theory for contexts that they have struggled to explain from the prototypical perspective (Durand 
et al., 2017; Paolella & Sharkey, 2017). For instance, Durand and Boulongne (2017) argued that 
some groups such as entrepreneurs are more likely to use goal-based categories to pursue ideal-
ized objectives (see also Delacour & Leca, 2017; Delmestri & Goodrick, 2017; Delmestri & 
Greenwood, 2016). Additionally, Paolella and Durand (2016) suggested that market actors are 
more likely to use goal-based categories when objectives are complex, while Pontikes and Kim 
(2017) argued that goal-based categories form the basis for strategic categorization (see also 
Montauti & Wezel, 2016).

At the same time, some scholars have observed that the goal-based perspective relies on assump-
tions that are problematic for many contexts in which categories need to be stable for market trans-
actions to take place (Durand & Paolella, 2013). Specifically, although individual actors might use 
goal-based categories when making decisions, two properties of goal-based categories make them 
difficult to apply as a categorical basis for market transactions: (a) they are tied to individual actors 
(i.e., particular market actors have particular goals); and (b) they are ad hoc and change over time 
(i.e., the goals of market actors change depending on circumstances).

To compare both perspectives, prototypical categorization systems thus rely on a shared under-
standing of category features, allowing exchange-based commodities markets to produce homo-
geneous products through a classification scheme that creates “generalized impersonal knowledge 
out of idiosyncratic personal knowledge” (Carruthers & Stinchcombe, 1999, p. 356). In contrast, 
goal-based categories are—by nature—idiosyncratic, individual, ad hoc, and subject to change. 
Consequently, if goal-based categories enable market actors to develop goals for particular 
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contexts, how can these idiosyncratic categories provide the foundation for stable market struc-
tures that facilitate product liquidity? We therefore ask: How can goal-based categorization ena-
ble stable market transactions?

Research Design and Methods

Empirical context

The empirical context of our study is the online display advertising industry. Display advertise-
ments are a form of online advertising “where an advertiser’s message is shown on a destination 
webpage of a media publisher, generally set off in a box at the top or bottom or to one side of the 
content of the page” (IAB.net Wiki, 2014). The first display ad was sold in 1994, when AT&T paid 
digital publisher HotWired.com $30,000 to place a banner advertisement on its website for 3 
months (Cook, 2016). As the internet became an increasingly popular source of media content for 
consumers, the display advertising market grew dramatically. By 2016, the size of the display 
advertising market for desktop and mobile devices totaled $31.7 billion (PricewaterhouseCoopers, 
2017, p. 11).

Key market actors in the display advertising industry include media publishers (sellers) and 
advertisers (buyers), along with a wide variety of third-party intermediaries that facilitate market 
exchanges such as advertising networks, advertising exchanges, demand-side platforms, supply-
side platforms, agency trading desks, and creative optimizers (Luma Partners, 2017). To offer a 
concise description of this complex industry, we explain how sellers (i.e., media publishers) and 
buyers (i.e., advertisers) of online advertising use categories to execute transactions of the primary 
product (i.e., the advertising impression).

Sellers. Media publishers include major web companies (e.g., Facebook or Google), major news 
media outlets (e.g., the Wall Street Journal or the New York Times), and blogs (e.g., sports blogs 
such as www.bruinsnation.com or technology blogs such as www.techcrunch.com). Media meas-
urement and analytics companies such as ComScore or Alexa measure traffic to such sites through 
metrics such as the number of monthly visitors, their demographic profiles, and the amount of time 
each visitor spends on the website (Alexa, 2017). Media publishers generate revenue by selling 
advertising space through sales channels ranging from traditional rate cards to programmatic trad-
ing in online marketplaces, using strategies of “holistic yield management” to optimize revenue 
from their digital properties (Wright, 2016).

Buyers. Buyers in this market are organizations that attempt to generate demand for products by 
placing advertisements with media publishers. Famous and prominent advertisers include large 
consumer product firms that promote global brands such as Procter & Gamble—which spends 
more than 25% of its multi-billion dollar advertising budget on digital advertising channels (Neff, 
2013). Advertisers try to maximize the effectiveness of their advertisements by reaching a targeted 
number of people and trying to generate as much of a response as possible.

Product. The product traded by publishers and advertisers is the advertising impression, “a single 
display of online content to a user’s web-enabled device” (IAB.net Wiki, 2014). In the early instan-
tiation of the market for online advertising impressions, market activities revolved around proto-
typical categories grounded in the identity of media publishers in terms of content such as finance 
(e.g., the Wall Street Journal or the Financial Times), sports (e.g., ESPN or Sports Illustrated), or 
general interest (e.g., Time Magazine or The Atlantic). Publishers would sell directly to advertisers 

www.bruinsnation.com
www.techcrunch.com
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or advertising agencies by setting prices that treated every individual who viewed their media pub-
lication as commensurate and part of an overall audience. For example, the Wall Street Journal’s 
rate card showed average statistics for subscribers such as average household income and other 
broad demographic characteristics of its reader base. Particular advertisers would use this informa-
tion to develop their own categories (e.g., “periodicals viewed by our target customers”).

To sum up, market exchanges in the online advertising industry traditionally have been organ-
ized into categories based on the content produced by media publishers, and advertisers would, on 
an idiosyncratic basis, use whatever information they had available to engage in goal-based cate-
gorization. We summarize this prototypical use of categories in online advertising in Figure 1.

In the display advertising industry, market actors increasingly engage in transactions structured 
by a goal-based category system. Specifically, impressions are classified by a category system 
featuring various dimensions ranging from descriptions of website visitors (i.e., demographic char-
acteristics, behavioral history, geographic location, or real-time context) to descriptions of adver-
tising products (i.e., banners, rich media, sponsorship, and videos) (Hallerman, 2010). Advertising 
impressions thus can be associated with a potentially infinite amount of information regarding 
category membership (e.g., shown after five previous ads on a website, on the weekend, in the 
afternoon, to a female, married, no kids, in a large metropolitan area, interested in politics and 
sports, who has visited similar sites before, etc.). Therefore, advertising impressions are both 

Figure 1. Prototypical categories in display advertising.
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unique and perishable: unique, because every visit to a website represents a different combination 
of person and context; and perishable, because after a website is displayed, that particular view is 
irrevocably lost (Glaser, Fiss, & Kennedy, 2016; John, 2010). This renders the market for advertis-
ing impressions particularly appropriate for a study of goal-based categorization.

When trading display advertising impressions, advertisers and publishers try to figure out how 
to use categories to reach their goals. For example, advertisers value display impressions based on 
an expected level of consumer response to their advertisements that will result in product sales. 
However, advertisers typically struggle to predict consumer reactions accurately, making the valu-
ation of impressions a challenging exercise for both advertisers and publishers. Similarly, although 
publishers often have extensive information about visitors to their websites, they must decide how 
much ad space to sell to bulk advertisers (which provide limited categorical information about ad 
impressions) and how much to sell via online marketplaces (which provide detailed categorical 
information about ad impressions). Advertisers and publishers thus attempt to appraise the value of 
display advertising impressions by employing a system that facilitates the creation of ad hoc cate-
gories. These categories can be used to value impressions through pricing practices that typically 
rely on either the number of viewers (e.g., cost per thousand viewers or “CPM”) or ad performance 
(e.g., how many viewers click on an advertisement). We illustrate the categorical taxonomies of 
goal-based categories in Figure 2.

Figure 2. Goal-based categories in display advertising.
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In selecting the online display advertising industry as our empirical context, we therefore exam-
ine a critical case in which the phenomenon of interest—how goal-based categories explain the 
stability of market transactions—is transparently observable. Additionally, the online advertising 
industry is a particularly appropriate context because the market initially relied on categorical pro-
totypes but increasingly relies on goal-based categories. Finally, the industry serves as an ideal 
empirical context because discourse is well documented due to a proliferation of sensegiving and 
sensemaking via blogs and industry conferences.

Data collection

We collected a comprehensive text corpus related to how online advertising market actors bought 
and sold display advertising impressions, gathering data from sources including industry periodi-
cals and blog posts, the Interactive Advertising Bureau (IAB), research reports from organizations 
such as eMarketer, and industry analyses from specialists such as investment bankers.

We used these data to map the industry structure, which revealed four categories of market 
actors with perspectives relevant to our research question. The first category includes buyers, spe-
cifically advertisers, advertising agencies, and corporate advertising departments. The second cat-
egory, publishers, includes traditional publishers such as Business Week and online publishers such 
as WebMD or AOL. The third category consists of a variety of market makers—organizations that 
provide the technological infrastructure that facilitates the buying and selling of online display 
advertising impressions, and thus are most closely involved in the construction and modification 
of category systems. Examples of these organizations include advertising exchanges, advertising 
networks, demand-side platforms (DSPs), supply-side platforms (SSPs), and data exchanges. 
Although many types of data are available, we focused on collecting data which explain how these 
organizations facilitate the use of categories for advertisers or publishers. Finally, the fourth cate-
gory comprises observers with an industry-wide perspective, including industry associations (i.e., 
the IAB or the Online Publisher’s Association), strategic service providers (i.e., investment bank-
ers, academics, and market research firms), and media providers (i.e., magazines and blogs).

We gathered information from these four types of industry participants in three ways. First, we 
conducted 51 semi-structured interviews with individuals we identified as being experienced and 
knowledgeable of our context. These interviews lasted approximately 1 hour and involved indi-
viduals from every type of organization described above. We wrote detailed notes and commentar-
ies after each interview. As we progressed in our analysis of the interview data, we performed 
additional interviews for verification purposes and to ensure the “sturdiness” of our findings (Miles 
& Huberman, 1994). After completing these analyses, we checked back with respondents to ensure 
that our emerging narrative reflected their experiences, while also corroborating our findings 
whenever possible with the accounts of other industry observers and analysts.

Second, the first author attended three digital media conferences sponsored by the IAB in 
2010, 2011, and 2017 that directly addressed the impact and nature of new technologies for buy-
ing and selling online display advertising impressions. The first author participated in and 
observed activities at these conferences by attending plenary and breakout sessions, and visiting 
with representatives of online display advertising companies. These conferences offered organi-
zational representatives opportunities to articulate their philosophies of marketplace exchange. 
During each conference, the first author took extensive field notes which were transcribed within 
one day of observation.

Third, key actors in this industry publish a significant amount of data on the internet via blog 
posts and web articles. Accordingly, we collected a specialized text corpus through internet 
searches based on key terms including the product exchanged in the marketplace (i.e., “online 
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display advertising impression”) and the organizational forms facilitating market exchange (i.e., 
“advertising exchange,” “advertising network,” “demand-side platforms,” etc.). In sum, by col-
lecting data on each of the four actor types, we were able to obtain a comprehensive perspective 
on how market actors in the online display advertising industry use goal-based categorization in 
their marketplace.

Data analysis

Due to the limited existing theoretical literature on valuation processes in goal-based category 
systems, we adopted an analytical approach following the tradition of grounded theory (Glaser & 
Strauss, 1967; Strauss & Corbin, 1998) and proceeded with an inductive, interpretive case study. 
We developed a customized analytical approach to create a fit between our theoretical investiga-
tion and our empirical context (Gehman et al., 2018) that relied on iterative engagement between 
our empirical data and theoretical research related to our research question (Tavory & Timmermans, 
2014) that we now describe as occurring in four phases.

During the first phase of our analysis, we sought to understand the processes by which market 
actors buy and sell online display advertising impressions. We created case narratives to under-
stand the roles of the various market actors, and conducted a preliminary round of data coding to 
identify any and all concepts emerging from discourse data, interviews, and observation notes 
(Strauss & Corbin, 1998). Based on these narratives, we identified a central challenge faced by 
industry actors: producing liquidity in the market. This challenge stems from the many possible 
ways to categorize advertising impressions and idiosyncratic perspectives on how to value particu-
lar categorical dimensions and features.

During the second phase of analysis, we paid particular attention to how market actors came to 
agree on categories for transactions, given their idiosyncratic approaches to evaluating advertising 
impressions. We consulted relevant theoretical research to develop a more refined understanding 
of our identified concepts and themes. In particular, we coded our field notes to try to understand 
the themes associated with the actions of market participants aimed at addressing a fundamental 
challenge: Given the ad hoc and idiosyncratic goals of market actors in the industry, how did buy-
ers and sellers handle the infinite number of potential categorical elements describing online adver-
tising impressions? To answer this question, we “zoomed in” (Nicolini, 2009) on two fine-grained 
data sources: (a) blogs and interviews associated with market intermediaries who attempted to 
resolve this challenge, and (b) an intensive, half-day interactive session during a 2017 conference 
called “Programmatic 101” detailing the mechanics of how market transactions operate in the 
industry. We then used the constant comparative method (Strauss & Corbin, 1998) to code these 
focused data in order to identify the themes of interest, organizing our context-dependent first-
order concepts into more abstract theoretical concepts (Gioia, Corley, & Hamilton, 2013; Van 
Maanen, 1979).

During our third phase of analysis, we paid particular attention to the market activity revolving 
around the ways actors use goal-based categories to value advertising impressions. Here, we 
recoded the data that we zoomed in on during the second phase of our analysis to try to understand 
the themes associated with buying (i.e., understanding the potential value of an advertising impres-
sion) and selling (i.e., realizing the maximum value for website inventory).

In a fourth and final phase of analysis, we returned to the existing literature (Tavory & 
Timmermans, 2014) on categories (particularly prototypical categories) to compare and contrast 
valuation practices from prototypical and goal-based perspectives, respectively. This comparison 
enabled us to refine our understanding of the codes identified in the second and third phases of 
analysis, and to develop a grounded framework explaining both how goal-based categories can 
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explain the stability of market structures, and the valuation principles that operate in goal-based 
categories. We provide a summary of this comparison in Table 1.

Goal-Based Categorization in the Display Advertising Industry

Our findings indicate that buyers and sellers in the display advertising industry create stable market 
structures in the face of idiosyncratic, ad hoc goal-based categorization by creating a classificatory 
infrastructure that enables market actors to dynamically categorize products. This process relies on 
three mechanisms: dimensioning, scoping, and bracketing. By dimensioning, we mean the establish-
ment of a possibility space within which valuation takes place, involving the identification, addition, 
and/or deletion of dimensions of product features. By scoping, we mean the process by which buyers 
and sellers select particular properties within the possibility space to maximize the potential of 
achieving a market transaction. By bracketing, we mean the process whereby market actors exclude 
certain parties from participating in market transactions. Additionally, findings show that valuation in 
goal-based categorization operates according to a principle of goal-based attribution: iteratively add-
ing and deleting categorical features based on their utility for achieving particular goals.

Dimensioning: The creation of a possibility space

Categories mitigate the complexity of information in a marketplace by organizing products into 
meaningful groups. In our empirical context, market actors use categories to describe advertising 
impressions and to develop a shared understanding of product value in order to agree on an 
exchange price. However, determining how to categorize an advertising impression is a compli-
cated process for market participants, who struggle to choose the “right” categorical information to 
use in market transactions. Traditionally, market actors employed high-level, prototypical catego-
ries (e.g., such as the “typical viewer” of www.wsj.com in Figure 1). However, more recently 
market actors have employed low-level, goal-based categories (e.g., the single, 20-something-
year-old Asian male who graduated from University of Toronto and follows the Toronto Blue Jays 
in Figure 2). One industry participant described the potentially infinite variety of display advertis-
ing impression categories available to market actors: “With online media, there are as many cate-
gories of ad impressions as there are of humanity. Everybody’s interests can be thought of as a 
vector, where the interests of a person are multiplied by their responsiveness within different con-
texts” (interview, demand side platform executive, 10/2010).

Table 1. Contrasting mechanisms of market stability and principles of valuation in goal-based and 
prototypical categories.

Mechanism/principle Prototypical categories Goal-based categories

Category features Stable
Socially shared
Meaning given

Ad hoc
Individually idiosyncratic
Meaning dynamically constructed

Role of category features Grade of membership Dynamic dimensioning
Role of categorical abstraction Unidimensional vertical abstraction Multidimensional scoping
Principle of category membership Pooling (who’s in) Bracketing (who’s out)
Principle of valuation Categorical imperative

 − Legitimacy judgments based 
on categorical purity

Goal-based attribution
 − Iterative addition and 

deletion of categorical 
features based on value to 
achieve particular goals

www.wsj.com
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To take advantage of this multi-dimensional category space, a variety of market actors have 
built categorical taxonomies that enable market participants to create almost any desired ad hoc 
categorical configuration. As one market intermediary explained:

What makes our system revolutionary is that the system itself contains no data, but instead revolves around 
a searchable dictionary that lists individual audience data sources, available segments, and standalone 
analysis/segmentation algorithms. . .By combining these elements, virtually any digital audience can be 
created and acquired. (www.brilig.com, 9/2010)

Furthermore, market actors seek to control this categorical complexity by grouping categories into 
broad dimensions such as the impression viewer’s demographic characteristics, behaviors (i.e., 
past activities on the internet such as browsing history), and contextual features based on the con-
tent surrounding the advertisement. These broad categorical dimensions form the skeleton of a 
goal-based category system that facilitates the creation of idiosyncratic ad hoc categories by mar-
ket actors (see Figure 2).

For example, one broad dimension used by market actors is the notion of “behavioral” charac-
teristics based on the past online behavior of individuals tracked through “cookies” (i.e., data about 
users stored on websites). An advertising executive observed:

The goal behind every advertisement is to marry the audience with the product, and that’s what’s at the 
core of the advertiser’s valuation scheme. Cookie-level data is collected that gives information based on 
specific characteristics of different websites customers visit. It’s all about what combination of websites 
are visited beforehand. (interview, advertising agency executive, 7/2013)

Once collected, buyers exploit cookie data to construct a custom taxonomy:

A data taxonomy is created by equating user data to cookies. Each website serves to ascribe an attribute to 
that cookie, which in turn is used to categorize attributes in the form of a taxonomy. In this case, the 
taxonomy provides a framework where the market can check attributes associated with a cookie. (interview, 
market intermediary, 7/2013)

Buyers can consequently target individuals based on their past behavior; advertisers can “find 
people who browse FamousFootwear.com, then. . .find these people and serve them shoe ads 
while they are on other sites” (field notes, 10/2017).

The market actors we observed created novel dimensions suited to their goals (or those of their 
customers). For instance, some market intermediaries have created a “ratings table” that evaluates 
the contextual characteristics of an advertisement to help advertisers ensure content is appropriate 
for a particular brand:

Tens of thousands of publishers need ratings. For example, even a website such as CNN might have 
specific pages covering news such as a plane crash that might not be brand safe. [The ratings table] can be 
used to check a bid request in terms of this table, so you can use this table to avoid the bad stuff. (field 
notes, 10/2017)

Similarly, some intermediaries have created ways for publishers to evaluate whether particular 
advertisements might be appropriate for particular websites. Innovative techniques to create cate-
gorical data such as ratings tables or viewability metrics thus provide market actors with an addi-
tional categorical dimension—context—that can be used to pursue their idiosyncratic goals.

In summary, dimensioning creates the possibility space of a goal-based category system that facil-
itates the creation of idiosyncratic, ad hoc categories by market actors. The fundamental concept 

www.brilig.com
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associated with dimensioning is that market actors come to an agreement about the dimensions of 
value and the nature of the possibility space, even if they do not directly agree on how valuation takes 
place or the value of a particular entity—in fact, the very nature of the possibility space allows a given 
impression to be categorized in a large number of meaningful ways, providing considerable classifi-
catory flexibility to the market actors.

Scoping: The selection of preferred combinations of categorical dimensions and 
features

Advertising impressions can be categorized based on a constellation of dimensions and features, 
and advertisers participating in auctions for individual impressions can flexibly choose which com-
bination of specific features they want to purchase. However, the process of scoping—the selection 
of a particular configuration of categorical features—is challenging because market actors have to 
balance the objective of audience appeal with the volume of available inventory. To illustrate, in a 
parallel process to the principle of allocation, increasing specificity (narrowness) of the category 
improves the value of an impression but simultaneously reduces the audience reach realized by the 
impression. One executive explained this tradeoff:

There is a tradeoff between reach and targeting impressions: the more specific the requests, the less the 
reach of the advertisement. This conversation occurs frequently with advertiser clients. You can target 
females in San Francisco who are in the education field and like radishes; this will get you about 4,000 
people. But that’s pretty narrow, and probably not the best use of the budget, so you drop the radishes 
piece of the impression, and now you target 20,000 people. (interview, data exchange executive, 
9/2013)

Increased categorical specificity consequently increases the value to the advertiser and the pub-
lisher’s corresponding ability to charge for the impression, but at the same time reduces the reach 
of the advertisement in terms of the potential volume of impressions available and therefore the 
overall transaction value.

Advertisers have the ability to create idiosyncratic categorical profiles in order to achieve their 
objectives. The variables they use to analyze historical customer data do not necessarily corre-
spond to traditional demographic (i.e., prototypical) categories that dominate direct sales channels. 
Instead, buyers use the additional granular information within multiple categorical dimensions to 
focus in on particular category combinations that will help them realize their particular goals. 
Category selection in this process is based on adding and subtracting categorical features that help 
buyers achieve their goals: “We try to find a bunch of mundane things including browser types and 
Flash, etc. that will help [our customers] identify which ad impressions are most likely to deliver 
results” (interview, demand side platform executive, 10/2010). However, if too many features are 
layered on top, the possible target audience becomes too constrained, rendering the combination 
less viable.

Sellers also can manipulate the categorical information associated with their inventory. Here, 
publishers face the challenge of price deterioration for inventory that does not sell through a pre-
mium, negotiated channel. In the online display advertising context, publishers must address the 
diminished value associated with selling inventory on ad networks or exchanges, since auction 
pricing typically involves advertisers paying lower prices for impressions—publishers risk channel 
conflict if they sell excess supply of premium inventory for a lower value on an ad exchange. One 
way sellers can address this issue is by manipulating the level of categorical detail characterizing 
an impression:
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The publishers might actually need to “damage” the advertising impression so that they can maintain the 
value of their top-tier impressions. The way that publishers damage the information is by removing some 
of the information attached to the impression. (interview, industry expert, 2/2012)

Controlling the information flow thus involves altering the level of categorical detail that sellers 
convey to buyers, thereby moving the impression to a preferred level of categorical scope that 
presumably optimizes their revenue.

To summarize, scoping refers to a process by which buyers and sellers focus on specific proper-
ties of the possibility space by zooming in and zooming out on particular categorical features. 
Market actors thus dynamically engage in scoping in order to adjust the breadth and depth of prod-
uct properties; this renders their products more concrete or abstract and aligns them with their 
idiosyncratic, ad hoc goals.

Bracketing: The exclusion of actors and segments of the market

Although scoping enables actors to select certain categorical combinations best suited to their 
goals, the flexibility of the possibility space makes it challenging for market actors to find common 
ground. Bracketing reduces the complexity of the possibility space by excluding particular actors 
and market segments from possible transactions, thus supporting scoping and making successful 
transactions more likely.

Market actors engage in bracketing by constructing “blacklists.” For example, a media pub-
lisher committed to health products might want to avoid displaying ads featuring tobacco or alco-
hol products. Similarly, a media company like the New York Times does not want a competitor such 
as the Wall Street Journal displaying ads on its sites. Restricting the set of possible market partici-
pants ensures these goals are met. As one publisher explained: “I ignore your bids. It’s a smart 
business choice, but I don’t make as much money” (field notes, 10/2017). This form of bracketing 
thus enables sellers to avoid being associated with undesirable advertisers, even at the expense of 
reducing short-term revenues generated by specific transactions.

Market actors also construct mechanisms such as private exchanges that limit sections of the 
marketplace to certain actors. Publishers “fence-off” the market by assigning deal IDs:

Publishers are willing to provide preferred access to inventory in exchange for price and volume 
commitments. . .Once publishers and advertisers agree on the business terms of a private marketplace, 
the publisher’s ad exchange assigns a deal ID to the transaction. All qualifying bid requests are populated 
with an optional deal ID parameter, and the advertiser’s bidder targets this deal ID. (Jounce Media, 
2017)

This enables the use of detailed goal-based categories while limiting the potential participants 
of exchange, thereby enabling market actors to “disrupt the typical ‘highest bid wins’ model of 
programmatic transactions” (Jounce Media, 2017) and making it more likely that offers will be 
accepted and deals will be completed. Private exchanges and deal IDs enable sellers to create sub-
sections of the market tailored to their preferred goal-based categories.

Buyers similarly want to exclude portions of the market. Specifically, many advertisers want to 
ensure their brands are not contaminated by inappropriate content. One executive reflected: “The 
canonical illustration used is that an advertiser who cares about brand wants to avoid having ads on 
porn sites. If it does happen, who is responsible? Which connection needs to be severed?” (inter-
view, advertising exchange executive, 8/2010). To protect the interests of advertisers in this regard, 
ratings tables are used.
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Every bid request contains a publisher identifier—either a URL or an app name. Bidders can analyze this 
identifier to determine whether the available impression meets campaign targeting material. By checking 
the publisher against a ratings table, bidders can prevent ads from running alongside inappropriate content. 
(Jounce Media, 2017)

In summary, market actors use bracketing to exclude certain parties from participating in market 
transactions. Whereas dimensioning and scoping refer to constructing and selecting the properties 
of a product, bracketing is a categorization mechanism that, instead of constructing homogeneity 
at the product level, reduces the heterogeneity of the possibility space.

Principle of valuation: Goal-based attribution

In our context, valuation using goal-based categorizing occurs through a process of bidding on 
specific advertising impressions that feature detailed categorical information. Advertisers value 
specific impressions by collecting data on prior customers to predict which viewers are most likely 
to become future customers. An executive for a data exchange described the inductive process of 
determining the characteristics of customers most likely to purchase a product:

You need to measure transactions with a comprehensive understanding of what the customers are. For 
example, find out who your last 2,000 converters are. Then you find out what their characteristics are—
build a comprehensive understanding. . .you are using your data to define the ideal type of customer, and 
then you develop your marketing plan to hit that. (participant observation, breakout session at an industry 
conference, 9/2010)

This valuation process is primarily data-driven, with information on category membership from 
past customers forming the basis for identifying future customers.

Advertisers commonly utilize mathematical models to identify variables that will increase the 
probability that an individual will make a purchase as a result of viewing an advertising impres-
sion. An industry service provider explained:

We use between 1,000 variables and 100,000 variables and have an algorithm that determines what 
categories are most important to identify “converters.” This is based on a likelihood model of who is most 
likely to purchase the product. This data can then be integrated with about 20 million cookies that can be 
targeted. . .The advertiser can then use this information to either use it on their own existing sources, or 
buy these type of impressions directly from the publisher. (participant observation, breakout session at an 
industry conference, 9/2010)

In this inductive, experimental valuation process, buyers apply a focused scope to multiple cate-
gorical dimensions to clarify the values that they assign to advertising impressions. Category selec-
tion in this process tends to be based on a combination of categorical dimensions and features, and 
buyers might not be aware of (and often do not seem to care about) how the inductive process of 
category selection works, as their bidding strategies are based on adding categorical features that 
generate results: “We deliver results. . .the customers don’t know how it works and they aren’t as 
curious as to what is happening [underneath the hood]” (interview, demand side platform execu-
tive, 10/2010).

To accommodate buyers’ increasingly narrow and specific demands for ad hoc categories, sellers 
in the auction market must provide more detailed information about their impression inventories. In 
addition, third-party market intermediaries analyze and interpret the performance of impressions 
based on predictive mathematical models and algorithms. Publishers, in essence, relinquish control 
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to these intermediaries, who take some of the profit margin as they associate new, valuable informa-
tion with impressions, thereby enabling advertisers to make sense of the greater number of options 
available. However, publishers also generate higher returns when they allow advertisers to target 
more specific audiences by offering customized solutions that enable advertisers to realize particular 
goals. One executive explained:

By offering a package of sponsorship and a more targeted network, you as a publisher can offer more value 
to an advertiser, which in turn can get you a better return. By packaging your audience rather than your 
content, you can actually optimize your profits. (participant observation, industry conference breakout 
session, 9/2010)

Publishers use this type of value-added service to maximize their yields and deal with their chal-
lenge of understanding exactly how to value incremental inventory. The accretive value of such 
inventory is not clear because value is assessed one feature at a time and is further complicated 
by the fact that different advertisers may value each feature quite differently. As a result, publish-
ers must come up with alternate methods for understanding value. An industry manager described 
the publishers’ approach to this problem: “Publishers will, however, try to set a floor price, and 
they’ll sell whatever they can above that price. Publishers determine that floor price by attempt-
ing to understand the incremental value they assign to something that doesn’t sell” (interview, 
demand side platform manager, 8/2013). Publishers therefore aim to set a minimum price for 
incremental inventory that assures some profit. Publishers typically determine these floor prices 
inductively, mirroring the process used by advertisers by examining the sales history of sold 
inventory and extrapolating the minimum price for remaining inventory that yields optimum 
profit.

Moving between different degrees of categorical scope also entails adding or removing infor-
mation about the product being exchanged. Such movement happens on both sides of the market. 
On the buyer side, advertisers continuously aim to test the effectiveness of their categories, either 
by refining their theories about their potential buyers or by engaging in empirical experimentation. 
An ad network executive explained:

How granular (segmented) they want to get has to do with testing. If advertisers test enough audiences to 
see if they target certain attributes and whether they will achieve the desired scale, then they will adjust 
price accordingly. How much to spend on Facebook depends on the advertiser looking at all targeting 
parameters of interest. For example, advertisers can start with age group, and segment the Facebook 
market into different age group “buckets,” which advertisers individually test against each other. What 
advertisers end up doing is “building a large test matrix.” Each square in the matrix represents a particular 
type of target (e.g., women 21–24 who like Coach handbags, women 25–30 who like Louis Vuitton 
handbags). There are hundreds of thousands of squares in this matrix, and each square is tested multiple 
times. . .Advertiser budgets are then adjusted according to these test results. (interview, ad network 
executive, 8/2013)

In adjusting their requested categories, buyers continuously aim to optimize their category levels 
in order to determine the “right” degree of categorical scope based on a considerable number of 
parameters, including the universe of categories provided, the actual categories available, and 
competition for this inventory.

During this process of feature selection, how buyers attribute the benefit of adding a feature to 
the categorical process is of particular importance. To respond to this issue of proper feature selec-
tion, advertisers attempt to determine which category specifically affects consumer behavior. An 
executive observed:
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One of our customers does “last-click” attribution. It is an interesting puzzle: What kind of experiments 
can you do to figure out which of your impressions you get credit for and which ones you don’t? In a pack 
of crowded bikers, how do you not get your tire clipped by the person in front of you? Those pieces are 
both little and quite significant. (interview, demand side platform executive, 10/2010)

For more granular categorization to work, buyers must ensure that categorical data are accurate. 
Buyers in particular struggle to obtain high quality information. Low quality data, incorporated into 
the predictive algorithms used by many in the industry, have the potential to establish inaccurate and 
misleading valuations of impressions. One industry executive described this challenge:

A parade of limousines filled with elaborately dressed high schoolers is a sure sign that prom season has 
arrived. The season evokes memories of confusion and awkwardness. Whether it happened to you or one 
of your friends, there’s no doubt you are familiar with at least one prom crash-and-burn in which someone 
asked that special someone else to prom, only to elicit the dreaded response “I like you. . .but not in that 
way.” You (or your friend) misinterpreted signals and bet everything on bad data. Worse yet, you (or your 
friend) lost precious time courting the wrong person while alternative dance cards filled up quickly. This 
is the same fate that digital advertisers face every day. (interview, digital advertising executive, 8/2013)

Goal-based categories thus become a central means by which market actors address the potential 
challenges of data accuracy.

In summary, in goal-based attribution, market actors iteratively add and delete categorical fea-
tures in attempts to better understand the value of the marketplace product to them. They begin 
with information provided by the category and then construct and apply features that help them 
realize their idiosyncratic and often changing goals.

Discussion

Goal-based versus prototypical categorization as the basis of market transactions

Our findings reveal how market actors use dynamic, individual, heterogeneous ad hoc categories 
as they pursue idiosyncratic objectives (Barsalou, 1983, 1991) in a manner that creates the founda-
tion for stable market transactions. Whereas the traditional prototype and exemplar-based perspec-
tives on categories focus on how audiences or intermediaries evaluate the legitimacy of producers 
or products, a goal-based category perspective explains how market actors use categorical infra-
structure to realize their own idiosyncratic objectives. The core concepts introduced in this paper—
the goal-based categorization mechanisms of dimensioning, scoping and bracketing, and the 
valuation principle of goal-based attribution—differ from the related concepts associated with pro-
totypical categorization, as contrasted in Table 1.

First, prototypical and goal-based categories differ in their use of category features. In the pro-
totypical view of categories, features are part of a schema that reflects the socially shared under-
standing of the central features associated with a particular category (Mervis & Rosch, 1981). 
From this perspective, members that share more features with the prototype have a higher “grade 
of membership” than those that share fewer features with the prototype (Hannan et al., 2007). In 
contrast, our study shows that for goal-based categories to form the basis of market transactions, 
market participants must agree about which dimensions are important—but not necessarily par-
ticular features of those dimensions. Because goals are ad hoc, idiosyncratic, and dynamic, dimen-
sions facilitate the matching of buyer and seller preferences. In goal-based categories, dynamic 
dimensioning creates a possibility space in which market actors can identify, add and delete fea-
tures relevant to their ad hoc goals.
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Second, the role of categorical abstraction differs between prototypical and goal-based catego-
ries. Regarding its vertical dimension, the prototypical category view uses as its reference point the 
basic level category, which carries the most information and has the greatest cue validity (Rosch, 
1978). Vertical movement in the category, either in terms of more abstract superordinate categories 
or more concrete subordinate categories, revolves around a singular dimension and creates a fun-
damental tradeoff between reach and appeal (Cattani & Fliescher, 2012; Hsu, 2006). In contrast, 
our study shows that for goal-based categories, abstraction occurs across multiple dimensions, with 
no established hierarchy and no dominant individual dimension—enabling market actors to flexi-
bly move up and down levels of abstraction to identify different locations in a multidimensional 
space to select a preferred set of features within the possibility space that might optimize reach to 
high appeal audiences.

Third, prototypical views of categorization emphasize conformity to the prototype (Zuckerman, 
1999). Conformity and appeal operate at the level of the category, with a focus on inclusion (“who’s 
in?”) and homogeneity achieved by the pooling of similar entities (Sharkey, 2014). However, with 
goal-based categories, appeal is determined by individual actor goals rather than category properties, 
and as a complexity reduction mechanism, bracketing operates at the level of the possibility space 
rather than the category. In bracketing, the focus is on exclusion (“who’s out?”) by means of delimit-
ing which actors and market segments can participate in transactions. While the conformity mecha-
nism of the prototype view is focused on constructing homogeneity at the category level, bracketing 
is focused on reducing the heterogeneity of the possibility space. A correlate of this postulate is that 
the iterative, unfolding, and dynamic nature of ad hoc goal-based categories makes it more important 
not to get the transaction wrong (i.e., not transact with the wrong party or market segment) than to 
optimize the transaction (i.e., transact with the ideal exchange partner or segment).

Finally, our analysis suggests that prototypical and goal-based categories differ as they rely on 
fundamentally different principles of valuation to generate market stability. Specifically, for proto-
typical categories, existing research has shown how the principle of valuation is the categorical 
imperative based on categorical purity (Zuckerman, 1999). In contrast, for goal-based categories, 
the principle of valuation is goal-based attribution, which involves the iterative addition and dele-
tion of categorical features based on their perceived value in the pursuit of particular goals. 
Fundamentally, categories are conceptual markers that provide information to actors related to the 
pursuit of particular goals (Durand & Boulongne, 2017); these different principles of valuation sug-
gest that researchers should examine the classification system more broadly to further develop a 
dynamic account of how market actors use categories to structure transactions and determine value.

Contributions

Our study offers three contributions to organizational research. First, we offer a theoretical expla-
nation for how goal-based categories enable stable market structures despite the ad hoc and idio-
syncratic nature of such categories. In contrast to existing research on prototypical categories that 
explains how actors respond to established category meanings, we show how goal-based catego-
ries provide actors with a conceptual infrastructure that can be used to dynamically construct 
meanings and continually value and revalue products in marketplace exchanges. This categorical 
infrastructure allows market actors to accommodate the uncertainty arising from idiosyncratic ad 
hoc categories.

Second, our study carries implications for the literature on valuation in markets. Although valu-
ation may be conceptualized in terms of moral, aesthetic or economic value, economic value in 
market transactions is tightly tied to pricing and exchange value (Beckert & Aspers, 2011), and 
relies on the explanation of commensuration associated with ideal-typical product markets 
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(Carruthers & Stinchcombe, 1999). However, recent findings suggest that rather than conceptual-
izing in terms of a “real” underlying value, new insights can be gained by focusing on the processes 
by which actors value products and services (Fourcade, 2011). Our study shows how market actors 
use goal-based categories to generate different valuations of the same product in the same context 
by constructing a classification system that uses different mechanisms of categorization—dimen-
sioning, scoping, and bracketing.

Third, we contribute to the sociology of markets (e.g., Fligstein & Dauter, 2007) by providing a 
detailed case study of the construction and evolution of a novel market infrastructure. Specifically, 
our study describes a market that has shifted from a structure originally based on aggregate, abstract, 
prototypical categories to a dynamic classification system that facilitates goal-based categorization. 
Our findings may imply that prototypical categorization provides a foundation on which subsequent 
goal-based category systems can build, just as the dynamic mechanisms described in our paper build 
on and require the epistemological infrastructure of developed prototypes.

Limitations, boundary conditions, and directions for future research

Our use of a case study approach has yielded considerable insights into the workings of goal-based 
category systems in our chosen setting, but comes with the typical tradeoffs regarding cross-con-
text generalization. Nevertheless, we believe that our overall theoretical model of contrasting cat-
egory dynamics between the prototypical and goal-based category perspectives outlined in Table 1 
should apply to other product markets, particularly consumer goods markets using online transac-
tion systems.

We also note two boundary conditions for our theoretical model. First, we suggest that what we 
call classificatory viability—the possibility of meaningfully categorizing the entities that violate 
the correlational structure of a prototypical taxonomy—is a necessary condition for the emergence 
of market structures based on goal-based categories. Specifically, market actors must be able to 
meaningfully deconstruct an object into a number of dimensions or features—which may not be 
possible or useful with some types of goods (such as crude oil). Second, we suggest that market 
actors need to be able share information about the dimensions used in goal-based categorization 
through a sufficiently rich communication infrastructure. In this regard, it is important to reiterate 
that prototypical and ad hoc categorization in markets are not mutually exclusive; many category 
systems allow for both—most online retailers being a case in point.

Future research might develop a more in-depth understanding of how actors use goal-based 
category systems. For instance, with the growing availability of data about consumer choices in 
online marketplaces, there appear to be opportunities for scholars to engage in both archival studies 
and field experiments to examine how categorical infrastructure and buyers’ search behaviors in 
particular might affect valuation of the goods exchanged using goal-based categories. Researchers 
also might explore how different strategies for manipulating the scope at which products and ser-
vices are offered might affect buyer preferences manifested as willingness to pay, or examine how 
shifting levels of self-categorization by firms may affect audience evaluations such as through 
pricing in initial public offerings (Rhee, 2014). Scholars might also investigate how innovators 
strategically use and develop goal-based categories in the construction of entrepreneurial possibili-
ties (Lounsbury & Glynn, 2019).

Finally, in the current study, we have focused on the challenges of how idiosyncratic, ad hoc 
categories can enable stable market transactions. However, when ad hoc categories are used repeat-
edly and over time by a variety of actors, they may become institutionalized. Institutionalization of 
course does not change the goal-based nature of these categories, but it does make them less idio-
syncratic and ad hoc. As with prototypical categories, such stable and widely shared categories are 
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accomplishments (Kennedy & Fiss, 2013; Lo et al., 2019) rather than the natural state of affairs. 
Consequently, scholars might also develop theory to explain how goal-based categories might 
become institutionalized or which categories are particularly likely to become institutionalized.

Conclusion

Research on categorization has been an exciting and growing area of investigation for management 
and organization scholars and is likely to remain a topic of interest. In this study, our goal has been 
to expand our understanding of goal-based category dynamics. Such dynamics are of increasing 
relevance due to the construction of technological infrastructure that facilitates rapid dissection of 
categories into a plethora of dimensions and features. These technological infrastructures have been 
growing in prevalence and importance across various marketplaces, yet their dynamics have so far 
largely remained neglected in extant work. By calling attention to this phenomenon and offering a 
framework, we believe our study opens up a wealth of opportunities for future research on how 
goal-based category dynamics shape valuation processes and outcomes.
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